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Semiconductor Manufacturing Process (1/2)
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Semiconductor Manufacturing Process (2/2)
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- Process Mining + Statistics
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- Trace Clustering + Process Mining + Simulation
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Rozinat, A., Mans, R. S., Song, M., & van der Aalst, W. M. (2009). Discovering simulation

Song, M., Yang, H., Siadat, S. H., & Pechenizkiy, M. (2013). A comparative study of
dimensionality reduction techniques to enhance trace clustering performances. Expert
Systems with Applications, 40(9), 3722-3737.

models. Information systems, 34(3), 305-327.
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